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A New Algorithm for Image Segmenting by Usng SMC
and Prior Probability Model

CHEN Shu,ZOU Bei-ji ,PENG Xiao-ning , YANG Ming
(Schod d Information Science and Enginearing, Central South University , Changsha, Hunan 410083, China;
Department  Computer Science and Techndlogy , Huaihua College, Huaihua, Hunan 418008, China)

Abstract: A new adgptive agorithm is proposed by taken advantage of SMC (Sequentiadl Monte Carlo) which have better
predictive results under the condition of nonlinear non- Gaussian. The agorithm uses particle filtering to predict an anticipated fore-
ground district for a coming frame. Moreover ,it caculates the probability of pixels to be part of background in the coming frame to
guide image segmentation. It is a good method to segment image on the setting where the pixel values o foreground similar to the
ones o the background by using prior knowledge. This paper uses the probability of pixels to be part of background which is calcu-
lated by the average of the predict results of particle filtering and the caculated results of prior probability model to segment image.
Experimental results show that the proposed a gorithm can reduce the error of the pixels of foreground to be segmented as pixels of
background compared with 30 rule when changes in background occur quickly.
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I 207360000 4512150 2.176 % 55012600 26.53 %

A Cavdlaro 207360000 4487270 2.164% 37739520 18.20%
207360000 4489340 2.165% 30668540 14.79%

I 207360000 3703450 1.786 % 38672640 18.65%

A Cavelaro 207360000 3641240 1.756 % 28532730 13.76 %
207360000 3842380 1.853% 20860410 10.06 %

I 207360000 9115550 4.396 % 42446600 20.47 %
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